Matchable Image Transformations for S
Long-term Metric Visual Localization

TORONTO

- N S
K &

Lee Clement, Mona Gridseth, Justin Tomasi and Jonathan Kelly

e Traina CNN to predict the performance of a
non-differentiable feature detector/matcher

e Metric visual localization is challenging over the
long term due to appearance change

e | earn a maximally matchable RGB-to-grayscale

Experience- i k | ;
e Experience-based mapping works, but requires mapping based on color-constancy theory

a large database of experiences to operate

F=alogR + BlogG + vlog B
e Reduce the number of experiences by learning B T
an image transformation that explicitly improves B=la B 7 =&ML

feature matching across appearance conditions e Compare weighted sum-of-logs to MLP mapping
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System Overview
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